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Abstract
Currently, there are many optionsfor virtualization of

computer systems in order to maximize the utilization of

physical computing hardware. Among these technologies,
Docker has recently emerged as a leading Linux
containerimplementation, which has gained its popularity
for its easiness to be applied to various service
applications such as website services. However, as more
users access and use a Docker system, the computing
resources initially provided for the Docker system may
not be able handle such high workload causing the
services to be irresponsive. Thus, there is a need for an
auto-scaling mechanism to automatically allocate
computing resources for the Docker system. This

research proposes an architecture of an auto-scaling

NCCI T Protestifgs™

system.

The proposed auto-scaling architecture is composed
of a monitoring component, a scaling decision maker,
and a scaling executor. The scaling decision is based on
CPU utilization metric in order to scale-out and scale-in
the computing resources. The evaluation result shows
thatthe proposed architecture can satisfactorily performs
auto-scaling for the Docker system according to the user-
defined CPU utilization threshold.

Keyword: Auto-scaling Mechanism Docker, Linux Container.
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